1

(RIASERFAE S R AN Rl S 1 Bl 45 i 2 A R 4 5

WES5F%

—MERLGEBEERESHEUBR R EREBRENTTZE

B, kg, HERN
(RERBREAFARNE, TH HF 210006)

8 . ERERRUREEMG A P BGOSR M T U RO S AR ), R — A T G s )
RN I 2 G 2y 0710 Z 71l VGG19 M4 SRR IUEMGRFAE , 8 I AR 52 AE U AT I 45 43 S8
&, FIHIB G585S ER AR IIDSRE, B EME e e okt SR VGG19 W 4453 28 RETT KK 5200 o
SCBSUE R, 1207 AT DI RO B R () — 2 A i PSRN TS S R S IR AR MR AR LS, TS T 2R R
o2,

R BRMZMYG, VGG19; KIZAHLY, Lgeii

HhESES: TP393

XEkFRiIEaE: A

doi: 10.11959/j.issn.1000-0801.2021008

A method for improving recall rate of similar image retrieval
by using edge enhancement technology

CAO lJingcheng, ZHANG Jidong, SHI Guojie
Tianyi Smart Home Technology Co., Ltd., Nanjing 210006, China

Abstract: Aiming at the problem of low registration caused by image rotation or background transformation in
large-scale image classification processing, a convolutional neural network image classification method based on
edge enhancement was proposed. This method extracted image features through the VGG19 network model, and used
cosine similarity for image classification judgment, used edge enhancement to highlight the edge features of image
subject, and reduced the impact of image rotation or background transformation on the classification performance of
the VGG19 network. Experiments prove that this method can effectively improve the similarity between the same
subject rotated image and background transformed image and the original image, and is suitable for the classification
of various images.
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